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Jagannath, Jagannath, Melodia, "Redefining wireless communication for 6G: signal processing meets
deep learning with deep unfolding," IEEE Transactions on Artificial Intelligence, 2021.
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Kishida, Ogura, Yoshida and Wadayama, “Deep-learning based average consensus,” Information-Based Induction
Science Workshop, 2019

Kishida*, Ogura*, Yoshida, and Wadayama (*equal contribution), “Deep learning-based average consensus,” IEEE
Access, 2020.
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Kishida* and Ogura*, “Temporal deep unfolding for constrained nonlinear stochastic optimal controls,” IET Control
Theory & Applications, 2022. (*equal contribution)
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M. Ogura, K. Kobayashi, and K. Sugimoto, “Static output feedback synthesis of time-delay linear systems via deep
unfolding,” Submitted for publication.
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m JFUAT (n,m,p,h) = (4,1,2,0.1)
m JFUA2: (n,mph) = (4,2,1,0.1)
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Scenario 1 Scenario 2

# stabilized  Execution  # stabilized Execution

systems time [sec] systems time [sec]
Proposed 33 31,641 20 41,228
BMI 21 10,374 13 31,060

ILMI 0 32 0 32
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